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A proptech company building for the Australian residential market needed to
automate property valuations at a speed and accuracy level that could compete
with traditional appraisal firms. The existing process depended on human
appraisers visiting properties, reviewing comparables manually, and producing
reports over several days — a timeline that enterprise buyers in real estate services
considered a bottleneck.

ML LABS was engaged to design and build the core valuation engine: an Al system
that could ingest property photos, satellite imagery, geospatial features, and market
data to produce valuations in seconds — targeting accuracy within 10% of the
actual closing price in dense metro areas for 90% of cases.

The Problem

Manual property valuation in Australia follows a structured but slow process.
Licensed valuers inspect properties, review comparable sales, assess location
factors, and write detailed reports. For high-volume enterprise buyers processing
thousands of valuations monthly, this timeline creates operational drag.

Each valuation required hours of manual research and on-site inspection time

Comparable property selection was inconsistent across valuers and regions

No systematic way to incorporate visual property condition from photos or
satellite imagery

Turnaround measured in days made the service uncompetitive for high-volume
use cases
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What ML LABS Built

The engagement delivered a production valuation engine with four integrated

capabilities:
Computer vision models trained on property listing photos to assess condition,
quality, and features without physical inspection

Satellite imagery analysis to capture neighborhood characteristics, land use
patterns, and proximity factors at scale

Geospatial feature engineering combining location data, neighboring property
attributes, and local market dynamics into structured valuation inputs

Ensemble valuation model that fused visual, spatial, and transactional signals
to produce price estimates with confidence intervals

The system processed each property in seconds rather than days, producing
valuations with documented confidence levels that enterprise buyers could use in
their operational workflows.

Architecture

The system was built as a production service designed for enterprise integration,
not a research prototype:

Ingestion layer pulling property photos from listing feeds, satellite imagery
from commercial providers, and transactional data from public and licensed
sources

Feature extraction pipeline running computer vision and geospatial models in
parallel to produce structured property representations
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Ensemble prediction layer combining visual condition scores, location features,
comparable sales, and market trends into a single valuation with confidence
bounds

API layer designed for enterprise integration, returning valuations with full
feature attribution so downstream teams could audit the basis for each
estimate

Delivery Pattern

The engagement followed ML LABS' standard execution model: define the highest-
value target first, ship a working system fast, then iterate based on production
feedback.

Scoping identified dense metro residential markets as the initial target — high
transaction volume and strong comparable data made accuracy achievable
first

First production deployment covered a subset of metro areas to validate the
multi-source fusion approach against actual closing prices

Expanded coverage across additional metro and suburban markets once the

core models proved reliable under production conditions

Results

The system achieved its primary accuracy target: valuations within 10% of the
actual closing price in dense metro areas for 90% of cases processed. Turnaround
dropped from days of manual appraisal work to seconds of automated processing
— a shift that made the product competitive for high-volume enterprise buyers who
needed speed without sacrificing reliability.
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The valuation engine became the core technical asset that positioned the company
for enterprise sales conversations that would not have been possible with a
manual-only service.

First Steps

If your organization processes property valuations, insurance assessments, or any
location-dependent pricing decisions at volume, the same architectural pattern
applies: fuse visual and geospatial data sources, build ensemble models that
produce confidence-bounded estimates, and validate against real transaction
outcomes before scaling.

Start with the densest market where comparable data is strongest. Prove accuracy
against actual closing prices on that single target. Expand geography and property
types once the core pipeline is reliable. If a valuation or pricing workflow is already
defined and needs to reach production, Al Workflow Integration is the direct build

path.
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